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ADDITIONAL FIGURE
Figure 6 in the paper displays the models as calculated in the final phase (Phase 6) of the procedure described in Section D.4 of this document,
above. Figure 13 displays the models averaged per cell, i.e., at the model selection stage of Phase 5 above. The figure in the paper has many
more sample data points because it displays the results from the unaveraged model in the Phase 6.
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Fig. 13. Experiment 1 models. Bottom right figure is legend for the others. Width of violin plots indicates density of data points (normalized within input
value). Data points include all participants for that parameter. Plausible models from the simulations drawn = 30 (grey transparent lines). These are drawn
randomly from MCMC simulation and suggest certainty of the model chosen.
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